Leveraging Artificial Intelligence to Design AAV Mutant Capsids

Optimized for Antibody Evasion voyager

Daniel H. Cox, Damien Maura, Weitong Chen, Mathieu Nonnenmacher apeutics
Voyager Therapeutics Inc., Lexington, MA, USA

ABSTRACT ML MODELING ROUND 1 RESULTS FROM ML-BASED LIBRARY 1 ML-BASED LIBRARY 2
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